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Abstract

Purpose — Product returns information gives firms an opportunity for continuous strategic adaptation by
allowing them to understand the reasons for product returns, learning from them and improving their products
and processes accordingly. By applying the Dynamic Capabilities (DCs) view in the context of closed-loop
supply chains (CLSC), this study explores how firms can continuously learn from product returns information.
Design/methodology/approach — This study adopts a qualitative Delphi study-inspired approach. Experts
from industry and academia are interviewed in two interview rounds. First round of interviews are based on
extant research, while the second round allows the experts to elaborate and correct the results.

Findings — This study culminates into a conceptual model for incremental learning from product returns
information. The results indicate incremental learning from product returns can potentially lead to a
competitive advantage. Additionally, the authors identify the sources of information, capabilities along with
their microfoundations and the manifestations of product return information. Three propositions are
formulated embedding the findings in DC theory.

Research limitations/implications — This study supports extant literature in confirming the value of
product returns information and opens concrete avenues for research by providing several propositions.
Practical implications — This research elucidates the practices, processes and resources required for firms
to utilize product returns information for continuous strategic adaptation. Practitioners can use these results
while implementing continuous learning practices in their organizations.

Originality/value — This study presents the first systematic framework for incremental learning from
product returns information. The authors apply the DC framework to a new functional domain, namely CLSC
management and product returns management. Furthermore, the authors offer a concrete example of how
organizational learning and DC intersect, thus advancing DC theoretical knowledge.

Keywords Closed-loop supply chain, Circular economy, Reverse logistics, Product returns, Organizational
learning, Knowledge management, Information systems, Innovation, Dynamic capabilities
Paper type Research paper

1. Introduction

Closed-loop supply chain (CLSC) management has been receiving increasing attention by
both researchers and practitioners during recent years. The increased attention can be partly
explained by the increased demand for sustainable business practices by consumers and
regulations but also, to a large extent, by the value creation opportunities that CLSC presents
for enterprising firms (Schenkel et al, 2015, 2019; Krikke et al, 2013; Koppius et al., 2014;
Jayaraman and Luo, 2007). Importantly, CLSC value creation is not geared for short-term
profit optimization. Instead, researchers have identified four types of values that firms can
generate long term from CLSC activities (Krikke et al, 2013; Koppius et al., 2014; Schenkel
et al, 2015): economic value, customer value, environmental value and informational value.
This study focuses on the least understood (Krikke et al, 2013; Schenkel et al., 2015), and yet
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highly significant (Jayaraman and Luo, 2007; Rollecke et al, 2018), type of CLSC value
creation: the informational value.

Informational CLSC value is a broad concept encompassing information from product
inspections, customer feedback and data from the product return process (Ritola et al., 2020).
It can be used to improve processes, products, strategic change and innovation. In short, by
systematically learning from product returns information, firms generate the other three
types of CLSC value. Scholars have examined CLSC value creation from many vantage
points, including resource-based view (Daugherty et al, 2002, 2005; Jayaraman and Luo,
2007), organizational knowledge creation theory (Mihi-Ramirez, 2012; Mihi-Ramirez and
Morales, 2011), game theory (Heese ef al., 2005), transaction cost economics (Martin ef al.,
2010) and stakeholder theory (Schenkel ef al,, 2015). Informational value stems from customer
contact that is always context-specific and based upon the reason for the return that bears
importance on specific processes, products, policies and other organizational resources
during a specific time.

It has long been argued that an essential source of learning comes from customers who use
the product (Rosenberg, 1982; Fundin and Bergman, 2003; Fundin and Elg, 2010). As product
returns information opens a window into customer behavior, we postulate that CLSC
informational value is a source for continuous organizational learning. Further, we argue that
systematic learning and application from this information is an instance of a dynamic
capability (DC). The DC view aims at understanding competitive advantage in dynamic
market environments (Teece, 2007) by maintaining and restoring fit with changing customer
requirements (Mahringer and Renzl, 2018). Scholars have identified DCs in the context of
supply chain management (Blome et al., 2013) and sustainable supply chain management
(Beske, 2012; Beske et al., 2014). Extending this line of research into the domain of CLSC
management, we argue that by continuously learning from product returns information,
firms can better understand the needs of their customers thus better meeting their needs,
ultimate leading to competitive advantage.

This exploratory research aims to develop a framework for incremental organizational
learning from product returns by integrating organizational learning practices and CLSC
practices under the DC framework. More specifically, this study conceptualizes product
returns information as a source for continuous incremental learning and explores its viability
from the DC perspective. Considering the novelty of this topic, both in practice and in
research, we undertake an exploratory Delphi study using interviews.

This study is the first one that applies the DC framework to CLSC management and the
informational value of product returns. It contributes to practice by providing a conceptual
framework, agreed upon by practitioners and academic experts, that assists business
practitioners in building the necessary capabilities needed for their specific business needs.
The theoretical contribution lies in combining organizational learning theory with the DC
framework. This study clarifies the different types of information available from product
returns. Furthermore, it answers to the call to apply the DC framework to new functional
domains (Schilke et al, 2018), by exploring the role of DC in the domain of CLSC management and
product returns information. By analyzing product returns information and providing insights
into how other kinds of values can be generated from it, this study also contributes to knowledge
value chain research (Gaimon and Ramachandran, 2020) and in increased knowledge regarding
the enablers and barriers to learning processes, feedback loops and innovation (Koteshwar,
2017). We capture our contribution in three propositions, which can be used in further research.

2. Literature

2.1 Closed-loop supply chain management

A CLSC is a supply chain that integrates traditional forward supply chains with a reverse
supply chain (Govindan ef al, 2015). Formally, CLSC management is defined as “the design,



control, and operation of a system to maximize value creation over the entire life cycle of a
product with dynamic recovery of value from different types and volumes of returns over
time” (Guide and Van Wassenhove, 2009). A conceptualization of CLSC flows and functions is
depicted in Figure 1.

As shown in Figure 1, CLSC combines a forward supply chain with a reverse supply chain.
The impetus for the reverse supply chain is a product return by customer. Importantly, CLSC
are different from forward supply chains in many respects (Guide et al, 2003). The main
difference between a forward supply chain and a reverse supply chain is that while the
forward supply chain aims at producing and delivering products according to forecasted
customer demand, the reverse supply chain deals with uncertain quantities of product
returns of different qualities and thus needs to handle different returns in different ways
(Rogers and Tibben-Lembke, 1999). A well-developed CLSC is economically and
environmentally beneficial in the long term (Peng et al, 2020). From a value creation
perspective, it is vital that forward and reverse chains are integrated into a CLSC as both have
the potential to support each other (Schenkel et al., 2015). A CLSC is fundamentally a dynamic
set of processes and routines having to meet the needs of changing market conditions (Abbey
and Guide, 2017).

Recently, scholars have expanded CLSC research to strategic and long-term issues
(Schenkel et al., 2015) and to interactions between forward and reverse supply chain networks
(Fu et al., 2021). A key insight is that the CLSC value creation opportunities extend beyond
direct, short-term economic value. Well managed information flows are an important part of
circular value creation (Klapalova, 2019; Julianellia et al, 2020). Furthermore, a dynamic
feedback loop, an essential part of a CLSC depicted in Figure 1, is one avenue for driving long-
term CLSC value creation. The feedback loop is closely associated with organizational
learning and innovation (Koteshwar, 2017), which in turn leads to improved decision making
(Giri and Masanta, 2020). The feedback loop is enabled by the informational value embedded
in CLSC and product returns (Schenkel et al., 2015; Ritola et al., 2020). The recognition of the
potential of this information has given rise for the need for more research on CLSC-related IT,
big data and information sharing (Guan et al.,, 2020). The importance of informational value
stems from the fact that it provides market actors with necessary decision-making
information, much like prices and sales figures. A customer always returns a product for a
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specific reason, be it a commercial return, end of use return or end of life return.
Understanding the reason for any given return is the primary source of the CLSC
informational value (Ritola et al, 2020). If a firm can ascertain this reason, it can then use this
information to adapt its processes, services and products accordingly. Because a returned
product is always a specific product, bought at a specific time, through a specific channel, by
a specific person and finally returned at a specific time in a specific way, it serves as a
feedback loop for a variety of firms’ activities. It is important to note that the value of this
information goes beyond the initial product returns process. Therefore, much like the other
value creation activities having to do with product returns, it is best to think of it as part of a
CLSC (Schenkel et al, 2015).

More research is required on informational value and its impact on firm performance
(Shekarian, 2020). Much of the existing literature has focused on IT factors of product return
information (Ritola et al, 2020). However, I'T alone is not enough to ensure a realized value
creation. Instead, from a business value creation perspective, IT needs to be aligned with the
overall business strategy (Walraven ef al, 2018) and in as part of a complex business
environment involving considerations of business agility (Johansson and Rusu, 2019),
managerial issues such as organizational politics (Ritola et al,, 2016). In order to consider this
wider variety of factors, we undertake this study by putting CLSC value creation into a
strategic management context via the use of the DC framework.

2.2 Dynamic capabilities, organizational learning and microfoundations
DC research aims to understand how firms can achieve and sustain competitive advantage by
responding to dynamic market forces (Teece, 2007). From this perspective, firms achieve
competitive advantage by adapting their resources and routines to fit the changing
environment (Eisenhardt and Martin, 2000; Teece ef al, 1997). DCs are defined as “the
capacity of an organization to purposefully create, extend, or modify its resource base” (Helfat
et al, 2007, p. 4). DCs consist of routines and entrepreneurial initiatives that continually enable a
firm to create new resource configurations (Eisenhardt and Martin, 2000; Teece, 2016) and are
systematic and planned in nature rather than ad hoc problem-solving (Winter, 2003).
Organizational learning plays at least three distinct roles in the DC framework. First,
learning itself can be a DC. Second, other DCs are themselves learned. Finally, learning is the
outcome of DCs (Schilke ef al, 2018). This study focuses on the first kind: Learning as a DC.
Organizational learning can be viewed as being formed by specific organizational routines
(Levitt and March, 1988). Such learning routines have been shown to have the potential to serve
as a dynamic learning capability when properly utilized (Salge and Vera, 2013). Following
previous research in DCs and organizational learning literature, and especially Salge and Vera
(2013), we identify three broad learning routines in the context of a CLSC. However, in this
context, it is essential to distinguish between internal incremental learning, where learning
primarily happens in internal firm routines, from CLSC learning routines where the external
source of learning comes from the customer in the form of product returns. Therefore, learning
becomes more complicated and difficult, but the insights become potentially more valuable.
The main three routines are identified as problem detection, idea generation and adaptation.
These correspond to the main routines, as identified by Salge and Vera (2013) and Teece (2007).
Furthermore, radical learning can be distinguished from incremental learning (Salge and
Vera, 2013). Incremental learning can be viewed as the firm’s ability to detect problems, generate
ideas on addressing these problems and implementing solutions to remedy the issue (Salge and
Vera, 2013). Whereas radical learning tends to change underlying organizational assumptions
fundamentally, incremental learning steadily improves and refines the existing knowledge base
of a firm, often based on practical challenges encountered (Salge and Vera, 2013). In this study,
we focus on incremental, continuous learning and adaptation and its microfoundations.



Microfoundations can be defined as “the distinct skills, processes, procedures,
organizational structures, decision rules, and disciplines — which undergird enterprise-level
sensing, seizing, and reconfiguring capacities” (Teece, 2007). Among other things,
microfoundations research attempts to uncover the structural arrangements that underlie
DCs (Felin and Foss, 2015). In this view, opportunity discovery can reside in organizational
processes and routines (Teece, 2007). Hence, great importance in understanding the
conditions and structures that enable and give rise to the DCs. This study focuses on a
learning-based DC in the context of CLSC.

3. Methodology

For this study, we adopt a qualitative Delphi methodology. A Delphi study facilitates the
exchange of expert knowledge and is suitable for exploratory studies concerning clarification
of problems and opportunities as well as for solution development (Skulmoski et al,, 2007; Hsu
and Sandford, 2007). Delphi study is a flexible method, enabling interactive group
communications (Hsu and Sandford, 2007) across different locations (Skulmoski et al., 2007)
that can be either quantitative or qualitative, and data can be collected using multiple
techniques (Skulmoski ef al, 2007). Considering that this is an exploratory study aiming to
increase knowledge on a complex, less-studied organizational issue, a Delphi study based on
semi-structured one-on-one interviews is a suitable choice. Using interviews also increases
information reliability, provides nuanced insights into a complex phenomenon and finally
reduces participant dropout rate during the study. The same methodology has been
successfully used in related research areas such as the circular economy (Tunn et al,, 2019)
and sustainable supply chain management (Seuring and Muller, 2008).

We adopted the following procedure. First, the initial interview questions for the study
was developed from existing literature on CLSC value creation (Schenkel et al., 2015; Ritola
et al, 2020), DCs (Teece et al, 1997) and organizational learning (Salge and Vera, 2013).
Second, we assembled a panel of experts suitable to elaborate on and to contribute to the topic
at hand. Next, the first round of interviews was conducted among the expert panel. The first
round of interview questions revolved around the capabilities required for learning from
product returns information and their microfoundations, the sources of valuable information
and finally the use cases for the information. The questions were guided by previous
literature on DC research (Salge and Vera, 2013) and CLSC information value research (Ritola
et al, 2020). The results of the first interview round were used as a starting point for the
second round of interviews, allowing the expert panel to elaborate and refine the framework,
and to add comments. After the second round of interviews, the final conceptual framework
along with a set of propositions was developed based on the interviews.

Following Skulmoski et al (2007), we select the experts based on knowledge and
experience on the topic, their capacity and willingness to participate, sufficient time for
participation and excellent communication skills. Participants were chosen both from the
academic community and from a practitioner field, with practitioners working in various
industries. More specifically, business practitioners were chosen based upon their knowledge
and experience related to CLSC management and product returns management or their
expertise regarding organizational learning, knowledge management, innovation
management and information systems management. The industry experts with expertise
in CLSC have practical experience in CLSC management in the firms they worked in or
consulted for and they come from different firms and different industry backgrounds. Other
practitioners have expertise and experience in either IS, organizational learning, agility or
strategy. Industries include consumer electronics, business to business electronics,
telecommunications and networking, household items and fashion industries. Participants
from the academic community were chosen based on their knowledge in CLSC management,
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information systems management, organizational learning and knowledge management and
strategic management. The aim was to allow experts to share their knowledge, experiences
and expertise in a relevant way to the practical business problem as well as to theory
development. The role of the academics was therefore to elaborate on the industry experts
views, based on their theoretical knowledge along with their practical experience working
with firms in CLSC management and organizational learning. Therefore, the interview
process started with the interviews with the experts from the business community, followed
by interviews with the academic experts. This allows academic experts of organizational
learning to elaborate on the business problem as articulated by the practitioners close to the
problems and opportunities.

Because of the newness of the practical business problem, i.e. combining DC with product
returns management, suitable experts from the business community were hard to locate.
Therefore, we used the snowballing technique to find more suitable experts by asking for new
leads from the initial participants. The optimal size of the panel of experts ranges from 10 to
30 Murry and Hammons, 1995). Seventeen participants were contacted based upon
established contacts and the expertise of the potential participants. Finally, 10 experts
participated in this study. Interviewee 2 had nothing to add to the results of the first round of
interviews, and Interviewee 4 could not be reached for an interview, and thus, 10 interviewees
participated on the first round of interviews and 8 interviewees participated on the second
round of interviews. In total, 18 interviews were conducted for this study. The length of the
interviews ranged from half an hour to one and half hour; most of the interviews being
approximately one hour in length (see Table 1).

Thematic content analysis was used to analyze the data iteratively. The interview data
were continuously analyzed, and after the first round of interviews, the preliminary
framework was updated according to the expert panel feedback. The results of the first round
were then presented to the expert panel for the second round of interviews. The interview
data from the second round were analyzed the same way the first one, and the results of the
second round form the final results of this study.

4. Results

Based on the interviews, both practitioners and academics, we formulate a conceptual
framework on how continuous and incremental learning can serve as a DC leading to
increased performance for firms. The views among the expert panel converged after two
rounds of interviews and a consensus was reached. No major divergencies were detected in
the views of the academics as compared to the practitioners. The framework consists of the
sources of product returns information, the capabilities required for continuous learning
along with their microfoundations and finally, the business value that can be derived from the
information. The participants agreed that ultimately continuous learning from product
returns information leads to increased firm performance. Interviewee 1 considers the returns
process an extension of the relationship between a firm and the customer: “the returns
process gives an opportunity to better engage with your customer over time and I think you
can learn a few things.” The conceptual model for incremental learning from product returns
information is depicted in Figure 2.

The results indicate that product returns information can be a valuable source for value
creation for firms. Interviewee 1 sums it up thusly: “having returns is a blessing, because it
gives you so much insight into the future”. All the study participants agree upon the high
potential value of the information although many participants added that much of it remains
unused in practice. The reasons for this neglect were mentioned by the panel as lack of
relevant knowledge, overemphasis on short-term profit and sales and the general tendency
for firms to treat RL as an afterthought or a necessary evil rather than a value creation
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opportunity. For instance, Interviewee 8 said: “It’s about short term thinking. These kinds of
things take time to pay off, but if you only think short term then you will never make the
commitment that profits you even more long term”. Nevertheless, each panelist identified
productive uses of returns information along with conditions and prerequisites for
successfully creating long term value. Each participant, moreover, agreed on the high
value of product returns information.

However, the results indicate that not all of the information is particularly valuable in all
situations. For instance, certain kinds of information can be acquired more efficiently
through other means, such as remote monitoring of the product’s usage. Interviewee 2
emphasizes that in some cases the product return is not required: “answer would be that
you do not need to return the product. What you want to do is to monitor the products
remotely.” Furthermore, some of the information can be more valuable in other industries,
and at other times, the investments required to make the most of the information might not
be of great value for a given firm. Moreover, product returns information is hard to utilize.
Hence, product returns information is no silver bullet. Instead, the necessary capabilities
should only be built if and when the information fits the firm’s overall business strategy and
when the same information is not available and accessible with less effort and investments
required.

Incremental learning
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information
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4.1 Sources of information

The expert panel agreed on three sources of valuable information. These are customer
feedback, product inspection and transactional data analysis. In practice, valuable
information comes from one or more sources. In most cases, it is beneficial to have more
than a source to be sure of the insight. For instance, a customer might give a reason for the
return that the product is faulty in a certain way. In such cases, the product should be
inspected to confirm the reason and to get more insights into the product failure.

The first source of customer feedback consists of the feedback given by the customer as
part of the return process. This can be either structured data in the form of a survey or
unstructured data as part of an open-ended question on a survey or qualitative data in the
form of a discussion with a customer service person. The experts emphasized usefulness and
value of the survey data. While hard to validate, in some cases, it can be validated through the
other sources, for instance, by comparing the return reason given by the customer with
inspection of the returned product in order to make sure the information matches. The
usefulness of the qualitative data was, on the one hand, said to be low as none of the experts
had witnessed a systematic, effective use of in practice. However, most of them speculated
that it probably has a high value if codified and used properly.

Inspection of the returned product is another source of information. Interviewee 1 points
out that “when a customer has returned a product and when products are being received and
graded in warehouses, you can learn awful lot from the products”. This involves having a
system in place where every returned product is inspected and observations recorded
systematically. Understanding the reason for product failure is of great importance.
Interviewee 2 says that “once you understand why it failed, then you communicate. You
might need to communicate to design or you might need to communicate to purchasing or
manufacturing. But to know you need data and information. So, depending on the reasons for
why that item is coming back, there are certain decisions you need to make.”

Analysis of returns transactional data was identified as the third source of information by
the expert panel. Interviewee 10 illustrates the value of these data as follows. “For instance, if
you have a customer who returns 30% of all orders then there’s a reason for that and you can
try to understand that reason. But first it’s important to understand these patterns, first it’s
important to know that this customer has 30% of returns.” In order for firms to draw valuable
insights from this these patterns, the necessary data from returns transactions need to be
identified, collected and then integrated into the overall data storage of the. Interviewee 1
mentions that “if you can combine the order data and the return data, you can not only learn
from about their shopping preferences, but you can also much further deep dive into the
return behavior.” Interviewee 7 points that “the more data you have the better, and returns
process is no exception but you must know how to use it”.

4.2 The value of information
The value of the product returns information comes from its potential to serve as a continuous
source of learning and improvement. Interviewee 10 mentions every return is a potential for
improvement because “when you have returns, this is always a sign of lack of quality.” The
experts elaborated on how it can be used for these purposes by identifying three broad
categories of improvement. Product returns management improvement, product and service-
related improvements, and lastly, strategic improvements. Interviewee 1 emphasizes both the
high value and the underutilized nature of this information. “Interviewee 1: “Back to your
question should companies incorporate the decisions strategically. Absolutely. Does it
happen? Yes. Does it happen a lot? No. But of course they should”.

Product returns management improvement involves the improvement regarding the return
process, the return policy and logistics. Interviewee 1 discusses some areas for improvement



“there are three main areas for improvements: Cycle time (speed), cost, and recovery of
products.” Customer satisfaction regarding the return process and policy can be tracked and
improved. Return policy can be optimized using real-time data and individualized return policy.
For instance, in the case of a frequent, fraudulent returner, a firm can set a different return
policy, in real time, to that particular customer specifically. Moreover, a firm can attempt to
reduce returns, having identified segments of customers who frequently return. Additionally,
problems and inefficiencies along the return process can be identified and improved. For
example, packing materials, when they fail, can be identified and improved. Another
improvement has to do with decision regarding the scope of the return. That is should a whole
product be returned or for instance only a broken part. Interviewee 10 discusses this issue in the
following way. “Do we have our returns on the right level. There are examples where the whole
unit is sent back because of a broken cable. You have to think about what criteria is the spare
partbased on. This is a continuous thinking about do we have the returns on the right level[. . .].
Based on this you can get a lot of feedback for the product development. For instance, changing
a fuser, the fuser should be in a place that it can be easily replaced.”

Products and services can be continuously improved based on returns information. This
refers to information coming directly from failure diagnostics which can improve parts of
products or create a new product. One interviewee emphasizes the need to understand the root
causes of a failure: “T'o understand the design failure and analysis and disciplines regarding
what is actually happening. What are the actual root causes of the issues you see in the
equipment”. Moreover, information can lead to improvements throughout the supply chain. For
instance, packing material improvement in case products is returned because of damage during
transportation. Furthermore, products can be returned due to the wrong product ordered
caused by confusing ordering processes, and sometimes products are returned due to a
misleading picture or description on a website. Such errors can be identified from returns.

Strategic customer-related factors were considered important by the experts. This
category has to do with changing customer needs and wants and understanding customer
behavior. This is also the hardest to utilize as pointed out by Interviewee 2: “Very few are
collecting this information. It all starts to understanding your install base. And a lot of people
do not know where the machines are and they do not know their install base. Once you
understand your install base, then you need to understand the customer”. This means, for
instance, understanding why a customer returns an item when they are planning to replace it
with a new, perhaps an improved version or a similar item. By understanding the missing
features of the current product, product designers can understand customer needs better and
thus make products that match the customer needs better. For example, a customer in a
specific location might have differing needs form other customers as illustrated by
Interviewee 10: “For instance we had some customers who were from a country where the air
was not so clean and the customer was not so aware of how to keep the equipment clean and
dust free.” In this case, this insight was used in order to improve the product but also to
educate customer on how to better extend the life of the product.

4.3 Learning capabilities and microfoundations

The experts unanimously agreed with respect to the three high-level capabilities required for
learning from returns. This is in line with prior research. The results indicate that these
capabilities manifest in three stages: (1) problem and opportunity detection, a stage where
problems or opportunities regarding the product, services, returns management and strategy
are identified; (2) idea generation, a stage where solutions and new ideas are formulated based
upon the opportunities and problems detected; and lastly (3), the implementation of the
chosen solution. A majority of the experts were interested in discussing the
microfoundations. Additionally, the experts were concerned about the difficulty of
implementing solutions or as Interviewee 1 put it: “The big problem is to drive again

Learning-
based dynamic
capabilities

77




JLM
33,5

78

change to make improvements.” The following microfoundations were identified: Identifying
relevant and valuable information, governing of learning, a unified return process, a
knowledge infrastructure and setting proper incentive structures.

Experts emphasized that while they could see the potential value of all the kinds of
information identified, not all of it was valuable for every firm and under all circumstances.
Therefore, a firm needs to identify the relevant type of information that is valuable for their
specific business needs. The results indicate that the specifics depend on the industry,
business model and currently available information. The value of a certain type of
information is also dependent on the type of returns the firm mostly deals with. For instance,
commercial returns would be less valuable regarding how to improve product reliability,
because the end-of-life returns give much more insight regarding reasons for product failure
as compared to commercial returns. Additionally, during the return process, firm needs to
know what questions to ask the customer in order to collect the right data. Similarly, the type
of data collected from product inspection should be specified, and the types of transactional
data collected should defined and structured. This data specification process can, for
example, involve information regarding condition, specific reason of failure and the specific
part and module that failed. For instance, Interviewee 1 stated: “of course when a customer
has returned a product and when products are being received and graded in warehouses, you
can learn awful lot from the products. And you can validate the consumer behavior. You can
validate what the customer told you during the return process versus the what do we see
when we open the box. If customers tell you that they return clothing that are unused, but the
grading process at the warehouse tells you that they have been used, there’s a deviation and
the deviation if first of all used to calculate the final refund to the customer but second you can
also, with big data, learn how much consumers create misperception by giving you wrong
information at the beginning of the process, versus the validation downstream.”

The interviewees emphasized the need for a unified product returns process. The lack of a
cohesive and unified returns process is one of the largest obstacles for continuous learning
from product returns. Interviewee 1 says: “I'm a very firm believer in saying that creating
data can only happen if you have a robust process. Unified and preferably running in one
system.” When the returns process is not designed as a cohesive whole, the return process
remains fragmentary, and the information associated with it is siloed. A unified returns
process is particularly significant in the context of product returns information as the
potential value of the information is wider ranging than in the context of returns and thus
requires more stakeholders and decision makers to capitalize on it. More stakeholders also
make utilizing returns information more complex and difficult. Interviewee 1 says: “they do
not have the data because they have not unified their returns process. There’s a little bit of
data here, there’s a little bit of data there, and there’s a little bit of data there. If you do not
unify and bring that data together, you do not have data let alone that you can do analysis.”
Moreover, lack information integration between reverse logistics and forward logistics is
another barrier learning from product returns information. Hence, the different CLSC
activities need to be integrated in order to make learning effective. Interviewee 1 says in this
respect: “This includes having all the information, from all sections of the CLSC, in one place
accessible and tied to a same customer profile. Product returns related information also needs
to be integrated with forward supply chain information, and returns transaction data needs to
be traceable back to the original purchase and purchaser.”

The creation of a knowledge infrastructure was deemed important by the experts.
Creating a knowledge infrastructure involves setting up the necessary databases, data
collection methods, defining the data requirements, integration of the data into current
systems used by the firm. Interviewee 1 points out the lack of data collection as part of returns
process: “Many companies do not have online retail authorization process. Which means that
the data, the customer data who’s my customer where are they located, what did they buy,



what do I return and why, that data is not registered”. Likewise, Interviewee 4 underscores
the need for IT systems: “There were IT systems that supported it. That’s important. The
parts were identified, they were scanned, they had a code, they were stocked in certain way
that you could see what was what.” Interviewee 6 mentions that: “you simply have to have the
IT in place and if you do not have IT that supports the return process then you need to create
itor buy it”. Interviewee 2 says that there is also a problem with being disciplined in the use of
the IT: “It’s because of lack of discipline [. . .] a lot of times. People are not entering the right
data. Could be because of mistakes when entering that data. Could be because systems are not
connected. It can be because nobody really cares about the problems once they are solved.
There are lot of reasons. That’s why that information is not available”. However, many
experts noted that data requirements are not often the main bottleneck in organizational
learning. This is the case because the data needs to be spread among the necessary
stakeholders and needs to be made understandable for them to make it possible that they can
draw insights from it. This involves codification, visualization of knowledge, cross-functional
teams with knowledge sharing. Interviewee 4 illustrates the point: “You need the support of
people in their daily behaviors. That depends on who was in charge and who was working
with it. We had a very severe human relations management. So, people got a lot of
introductions, a lot of possibilities to look at other departments and work together. By doing
so it was supported that people really collaborated. They visited each other; they had the time
to learn from each other”. Interviewee 7 points out that: “it’s not enough to have the data, but
you have to be able to visualize it for the decision makers who are not data scientists”.
Ultimately, the knowledge infrastructure is there to make sure that “that the information they
are getting will end up in the table of the right people” as Interviewee 2 puts it.

Due to the complexity of the learning process and necessary stakeholders involved to
make it work, it is important that top management is part of the planning and coordination of
learning from returns. Interviewee 10 states bluntly: “Without top management involvement
nothing happens.”

Top management involvement means that a necessary learning governance structure
should be put in place, which involves allocating decision rights and responsibilities to ensure
cooperation. For instance, logging in necessary information, analyzing it, generating ideas,
implementation should all be assigned to a specific person or a team. Additionally, the
success of the learning routines should be measured. However, some participants hesitated
regarding strict measurements, emphasizing that it might be difficult, or even
counterproductive in some instances because innovation routines can be hard to measure.
It may be beneficial for certain firms to engage in discovery-based learning, where the goal of
the learning is not predetermined but may emerge from the new insights gained.

One of the largest challenges of developing a dynamic learning capability based on
product returns information is the complexity and number of stakeholders involved, all of
whom have various, differing incentives. Interviewee 4 says: “So, there you can see the
tension between sales and research and development because at a certain moment they want
to have a new release and they can’t wait for the new development and they will just skip it.”
The rewards from the learning outcomes might take long time in some cases. Participants
identified short-term thinking as a significant barrier from learning from returns along with
the solution of rethinking incentives to orient managers for longer term thinking. Interviewee
2 says: “Obviously, that would be the incentives issue. Yes, purchasing might incentivized by
cost cutting. Marketing might be incentivized by PR, getting the valuable proposition out.
Sales might be incentivized by margins instead of volumes or value. That will create conflict
and I have experienced this myself.” Additionally, the key stakeholders (different firms on the
supply chain, different departments/managers inside one firm) need to have shared
incentives for learning from returns to aid cooperation.
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5. Conclusion, discussion and limitations

5.1 Conclusion

In order to explore the multifaceted value creation potential of CLSC informational value, we
conducted a qualitative Delphi study among 10 experts from the industry and academia. The
study started with an initial framework derived from extant literature, after which it was
refined via two rounds of interviews among the experts. Using interviews in connection with
the Delphi method led to rich insights regarding this relatively novel topic. A conceptual
framework for continuous learning from product returns information was developed, along
with its microfoundations.

This study contributes to the growing literature on CLSC value creation by exploring the
potential of continuously learning from CLSC informational value stemming from product
returns. Based on the expert panel interviews, it is clear that CLSC informational value is a
valuable source of feedback regarding the CLSC. However, many practical challenges remain
for firms. Firms are not capable of fully utilizing information from product returns. We
identify the sources of valuable information, the value that can be derived from the
information along with the necessary capabilities and their microfoundations. The developed
framework allows firms to start developing necessary capabilities for continuous learning on
one hand and the researchers to start building upon this foundation with further research. It
should be noted that it may not always be beneficial for a firm to devote resources to building
up the necessary capabilities, for instance when the value of information remains low or when
the information is available through more convenient channels. Still, in many cases, the
opportunity is too large to be missed.

5.2 Discussion

This study built on the recent efforts to increase scholarly understanding regarding CLSC
value creation (Ritola et al, 2020; Schenkel et al., 2015; Koppius et al., 2014) and knowledge
value chain (Gaimon and Ramachandran, 2020). More specifically, we aimed to advance
insights into the potential of product returns information (Jayaraman and Luo, 2007; Mihi-
Ramirez, 2012), by applying the DCs view into a new functional domain, namely CLSC
management. We suggested that product returns information should be thought of as a
source for increased value creation, as much of the extant literature has emphasized the value
of the information in terms of its ability to increase product returns management performance
(Ritola et al., 2020). The results of this study confirm that the high value of improving product
returns management goes beyond that. For instance, the expert panel agreed that the value of
product returns information goes beyond returns management — to product and service
improvement areas and strategic decision-making through a better understanding of
customer needs. The results of this study supplement the existing CLSC value creation
research-based theories such as resource-based view (Jayaraman and Luo, 2007) and
stakeholder theory (Schenkel ef al, 2019).

Furthermore, our results indicate that informational value is a valuable source of
information that can be used to systematically and continuously improve several aspects of a
CLSC. Continuous incremental learning is based on the information coming from customer
feedback, an inspection of the returned products and transactional data analysis. It has the
potential to increase firm performance and lead to a competitive advantage under certain
conditions. Thus, we conclude that continuously learning and adapting the CLSC based on
the product returns information can be considered a DC. The most novel contribution of this
study is the set of microfoundations identified, namely, unified return process, governance,
identification of relevant valuable information, knowledge infrastructure and setting
incentives.



In terms of practice, our study informs managers regarding the sources of valuable
information in a CLSC, its use business cases, capabilities required to create value from it and
lastly, the managerial considerations that should be taken into account when implementing
projects and systems related to maximizing CLSC value creation from the available
information. However, it is important to note some of the limitations that learning from
product returns information entails. It may be easier and more efficient in some cases to
capture similar information via other means, for instance through remote monitoring through
sensors. Another limiting factor may concern privacy issues. While undoubtedly very
valuable, some of the analyses may be limited by privacy related laws.

Based upon the discussion of the results of this study and the conceptual framework
developed, we put forth the following three propositions.

Proposition 1. Dynamic learning capabilities lead to continuous improvement of product
returns management, products and services and strategic decision-
making, and ultimately to increased firm performance.

The results of this exploratory study indicate that the learning capabilities do lead to
increased performance as shown in Figure 2. This is in line and supported by the DC theory.
However, CLSC research on this topic is lacking. Therefore, more quantitative research is
required to validate this finding. Moreover, much of existing CLSC is operational rather than
strategic. Therefore, further studies along the lines of this proposition help to fill the gap in
strategic CLSC management research.

Proposition 2. The microfoundations (unified return process, governance, identification
of valuable information, knowledge infrastructure and incentives)
underlie the three dynamic learning capabilities.

Future research should both validate the set of microfoundations identified as depicted in
Figure 2. More research is required in order to ensure that the microfoundations include each
necessary one and that each of them is required to build learning capabilities in a CLSC. While
the expert participant of this study could not identify any additional microfoundations, it is
entirely possible case studies and other exploratory studies might uncover additional ones.

Proposition 3. The findings indicate that customer feedback is most useful for improving
customer satisfaction, product returns for improving product and process
design and transactional data for analyzing ordering and returns
behavior.

In future research, it can be detailed which type of returns information is useful for which type
of value creation and performance improvement. This research indicates that certain types of
information sources or most valuable for certain types of improvements. More research is
required to validate this finding.

5.3 Limitations

This study has several limitations. The sample consisted of a limited number of experts.
Although this study covered two interview rounds and engendered in-depth discussions with
well-informed experts, future studies may extend our results with additional insights. While
our experts come from various industries, case studies in different industries and differing
product returns environments could be conducted to ensure the robustness of this
framework. Moreover, due to the methodology of this study, it was not possible to investigate
the phenomenon in depth at firm level or at supply chain level. Therefore, further theory
testing case studies on the proposed framework are required both on a firm level and on the
level of the supply chain.
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