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Abstract

Purpose – This research investigates consumer intention to follow online community advice. Applying the
technology acceptance model (TAM) to the context of online restaurant communities, the study empirically
examines the effects of perceived usefulness, perceived ease of use, attitude and trust on the intention to follow
online advice.
Design/methodology/approach – The data were collected from 360 members of online restaurant
communities on Facebook and analyzed using structural equation modeling (SEM).
Findings – The findings revealed that trust, perceived usefulness and attitude are key predictors of the
intention to follow online restaurant community advice.
Originality/value – Extant research on the influence of online reviews on consumer behavior in the
restaurant industry has largely focused on the characteristics of the review, reviewers or readers. Moreover,
other studies have investigated consumers’ motivations to write online restaurant reviews. This study,
however, takes a different approach and examines what drives consumers to follow the advice from online
restaurant communities.
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1. Introduction
The advent of Web 2.0 and the ensuing growth of user-generated content (UGC) have
transformed the way individuals search for and share information. The interactive nature of
social media has given consumers opportunities to communicate with firms and with one
another, creating UGC (Arora and Sanni, 2019). In computer-mediated environments,
consumers share opinions, knowledge and personal experiences by posting reviews of
products, services and brands on social networking sites (SNSs), third-party review sites or
firms’ own websites (Kannan and Li, 2017). Before purchasing, consumers evaluate products
by checking online reviews as a trustworthy information source (Filieri et al., 2018).

Online reviews hold an undeniable importance in the hospitality industry (Liu and
Park, 2015), and in the restaurant sector in particular (Dixit et al., 2019). Because of
the intangible, experiential nature of hospitality services, it is challenging to evaluate
their quality before consumption (Liu and Park, 2015; Ruiz-Mafe et al., 2020). This
uncertainty felt by consumers in their decisions causes them to seek information (Yang
et al., 2018).
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UGC platforms represent valuable information sources as customers consult them before
visiting restaurants for recommendations and after to share feedback (Yang, 2017).
Furthermore, because of intense competition in the restaurant industry, marketers integrate
UGC in their marketing strategy to attract and retain customers (Jalilvand et al., 2017). In fact,
restaurant owners report that social media and online listing services are the most effective
marketing channels for promoting their businesses (TripAdvisor, 2017).

In UGC context, trust is vital as reviewers’ identity and motivation are unknown to
consumers (Filieri et al., 2018). Review readers have no prior interactions with reviewers
which complicate the development of trust between them (Filieri, 2016). Furthermore, fake
reviews bymanagers or paid customers have cast a shadow over the quality and reliability of
UGC (Filieri et al., 2015). Thus, consumers assess reviewers’ trustworthiness to decide
whether to consider this information in their decisions (Ismagilova et al., 2020a).

The intention to follow the advice was introduced by McKnight et al. (2002a), who found
that trust in e-vendors is a key determinant of consumers’ intention to follow their advice.
Later, Casal�o et al. (2011, p. 624) defined the intention to follow online travel community
advice as “the intention to behave in a determined way, according to the comments,
recommendations and suggestions of other community members.”

Weaim to enrich the understanding ofwhat drives consumers to adopt an advice obtained
from social media communities for restaurant reviews. By applying the technology
acceptance model (TAM) in the context of online restaurant communities, this study
investigates the effects of perceived usefulness, perceived ease of use, attitude and trust on
the intention to follow online advice.

This work contributes to the literature in several ways. First, research on information and
communication technologies in the hospitality industry has focused on the hotel sector
(Moreno and Tejada, 2019). Comparatively, academic contributions within the restaurant
sector are insufficient. Likewise, DiPietro (2017) argued that because of the prevalence of
social media in the restaurant business, this area requires further research. Unlike hotels’ star
rating system, restaurants are not rated by official organizations based on uniform
standards, leading consumers to rely more on online reviews (Ruiz-Mafe et al., 2020). Thus,
there is a need for a thorough understanding of the factors shaping consumers’ intention to
follow online restaurant advice.

Second, existing studies on the influence of electronic word-of-mouth (eWOM) on
consumer behavior in the restaurant industry have focused largely on examining
the specific characteristics of the review (e.g. review rating, length, argument quality
and valence), reviewers (e.g. expertise, identity disclosure, and reputation), or readers
(e.g. readers’ construal levels) (e.g. Bigne et al., 2020; Chen and Farn, 2020; Hern�andez-
Ortega, 2020; Huang and Liang, 2021; Ruiz-Mafe et al., 2020; Srivastava and Kalro, 2019;
Zhang et al., 2021). Furthermore, researchers have paid attention to studying consumers’
motivations to write online restaurant reviews and drivers of eWOM intentions (e.g. Dixit
et al., 2019; Jalilvand et al., 2017; Yang, 2017). However, there is little consensus on what
drives a consumer to follow peers’ online advice, especially in online communities (Casal�o
et al., 2011; Ruiz-Mafe et al., 2020). The intention to follow online advice is a strong indicator
of future behavior (McKnight et al., 2002a). Given the increasing competition in the
restaurant industry, identifying the key precursors of the intention to follow online advice
is essential.

Third, although researchers have considered the role of trust in social media, the influence
of trust on consumer intention to rely on these platforms needs more research (Alalwan et al.,
2017). A meta-analysis by Ismagilova et al. (2020a) noted that few studies have examined the
relationship between trustworthiness and eWOM adoption. Accordingly, we bridge this gap
by integrating trust into the TAM to examine its influence on consumers’ attitude and
intention to follow online advice.
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The paper is structured as follows: the next section provides a review of the related
literature from which the research hypotheses are developed. Then, the research
methodology is presented. The findings of the study are reported next. The final section
discusses the results and their implications and concludes with research limitations and
future research.

2. Theoretical background and hypotheses development
2.1 Online reviews
eWOM exists in online consumer opinion platforms, online communities and SNSs (Cheung
and Lee, 2012; Litvin et al., 2008). eWOM in the form of online reviews include consumers’
unbiased advice, opinions and comments (Hern�andez-Ortega, 2020). Online review is defined
as “any positive, neutral, or negative online review about a product or service created and
published on a consumer review website by a potential, former, or actual customer.” (Filieri,
2015, p. 1262).

Reviewing the recent hospitality literature on online reviews, particularly on restaurants,
we concluded that there are two streams of research. The first stream has examined the
impact of online reviews on consumers’ responses to the review (e.g. review credibility and
helpfulness) or other behavioral responses (e.g. purchase intention) using three factors:
source characteristics (reviewers), characteristics of the review (message) and characteristics
of information receivers (review readers) (Zhang et al., 2021). The second research stream has
focused on investigating consumers’ motivations to write online restaurant reviews and
drivers of consumers’ eWOM intentions.

Concerning source characteristics in the first research stream, researchers have studied
the following: the effect of reviewers’ identity disclosure, reputation, expertise, age, gender
and contribution badge on the helpfulness/usefulness of online reviews (Liu and Park, 2015;
Srivastava andKalro, 2019); the influence of source trustworthiness, expertise and homophily
on consumers’ purchase intentions (Filieri et al., 2018); the impact of source credibility on
information diagnosticity (Filieri, 2015) and the moderating effects of reviewer’s experience,
cognitive effort in writing a review and online status on online review rating behavior (Li
et al., 2020).

Regarding review characteristics, studies have investigated the following: the effect of
textual features (i.e. attribute salience, review valence and content concreteness) on the
trustworthiness of consumer reviews (Huang and Liang, 2021); the impact of positive valence
intensity on consumers’ post consumption responses, namely, attitude and repurchase
intention (Hern�andez-Ortega, 2020) and the influence of manifest/quantitative factors
(i.e. review rating, word count and review length) and the latent/qualitative content factors
(i.e. argument quality and message valence) on review helpfulness (Srivastava and
Kalro, 2019).

Moreover, research on review characteristics has showed that eWOMmetrics (e.g. volume,
valence and composite valence – volume and variance) influenced the sales of products and
services (Babi�c Rosario et al., 2016; Yang et al., 2018; Ye et al., 2011; You et al., 2015). Similarly,
the literature revealed that review volume and ratings positively influenced restaurant
profitability (Wang et al., 2021) and online popularity (Zhang et al., 2010). Furthermore, some
studies have analyzed the pictorial content of online reviews and its influence on purchase
intention (Bigne et al., 2020) and perceived helpfulness of UGC (Bigne et al., 2021). Another
group of studies have focused on the effect of positive and negative emotions embedded in
online reviews on their perceived helpfulness (Chen and Farn, 2020; Ismagilova et al., 2020b).

Finally, from the information receivers’ perspective, Zhang et al. (2021) examined how
readers’ construal levels influenced their perceived usefulness of online reviews. Further,
Ruiz-Mafe et al. (2020) analyzed the intention of TripAdvisor users to follow its advice
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through the interrelationships between the cognitive cues of online reviews (i.e. perceived
helpfulness and persuasiveness) and readers’ emotions (i.e. pleasure and arousal). Results
showed that review persuasiveness and helpfulness had positive effects on reader’s pleasure
and arousal, which determined the intention to follow TripAdvisor advice.

In the second stream, researchers in the restaurant industry have paid significant
attention to studying consumers’ motivations to write online reviews and the drivers of
eWOM intentions (e.g. Dixit et al., 2019; Jalilvand et al., 2017; Yang, 2017). For instance, Dixit
et al. (2019) reported that ego involvement, taking vengeance, perceived behavioral control
and subjective norms predicted the intention towrite online restaurant reviews. Furthermore,
Jalilvand et al. (2017) identified four factors (i.e. food quality, personal interaction quality,
physical environment quality and perceived value) that influenced eWOM intentions through
relationship quality dimensions. Moreover, Yang (2017) emphasized that perceived
usefulness and altruism had significant effects on restaurant customers’ eWOM intention.

2.2 Technology acceptance model
TAM proposed that a user’s decision to adopt a technology is influenced by their intention.
The intention is jointly determined by attitudes toward using the technology and perception
of its usefulness. Two major beliefs about a new technology, namely, perceived usefulness
(PU) and perceived ease of use (PEOU), jointly determine a user’s attitude toward adopting it.
Further, TAM hypothesizes that PEOU is an antecedent of PU (Davis et al., 1989).

In the hospitality sector, researchers have applied TAM to examine user acceptance and
use of technology-related applications, including adoption of online reviews (Ayeh et al.,
2016), intention to participate in online community (Agag and El-Masry, 2016), restaurant
eWOM intentions (Yang, 2017) and restaurant visit intentions (Salehi-Esfahani and
Kang, 2019).

Although the hospitality literature confirms the importance of PU and PEOU in predicting
technology acceptance, the results differ on their relative influence on attitude and intention
(Ukpabi and Karjaluoto, 2018; Wang and Jeong, 2018). Yang (2017) found that PU was the
strongest determinant of intention to spread eWOMabout restaurants, with PEOUhaving an
insignificant effect on intentions. In addition, Salehi-Esfahani and Kang (2019) reported that
PU influenced attitudes toward restaurant review websites more strongly than PEOU. In
contrast, Ayeh et al. (2016) showed that PEOU had a stronger effect on attitudes, whereas PU
had a stronger impact on intentions.

PU is one of the two beliefs of TAM that determine user attitude (Davis et al., 1989). Wang
and Jeong (2018) argued that enhancing the efficiency and effectiveness of Airbnb led to
positive attitudes toward it. Likewise, PU was a major predictor of customers’ attitudes
toward social media restaurant reviews (Popy and Bappy, 2020). Moreover, Salehi-Esfahani
and Kang (2019) found that PU of restaurant review websites positively influenced attitudes
toward them. Similarly, we expect that:

H1. PU has a significant positive effect on attitude toward online advice.

PU has a direct effect on intention (Davis et al., 1989). The authors argued that employees
developed intentions toward using job-related technologies that were instrumental in
achieving desired outcomes regardless of their attitudes. An extensive body of the literature
has supported this relationship. Particularly, Yang (2017) found that consumers were
encouraged to engage in eWOM on restaurant review websites if they perceived them as
useful. Moreover, Hajli (2018) found that social media enhanced information usefulness,
leading to social WOM adoption. Therefore, we propose that:

H2. PU has a significant positive effect on intention to follow online advice.
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The literature has emphasized PEOU’s role as a key determinant of PU. For example, Liu et al.
(2017) and Salehi-Esfahani and Kang (2019) found that PEOU of restaurant review websites
influenced customers’ usefulness perceptions. Thus, we hypothesize that:

H3. PEOU has a significant positive effect on PU of online restaurant community.

Davis et al. (1989) found that PEOUwas less influential than PU in affecting attitude. Previous
studies came to the same conclusion (e.g. Ayeh et al., 2013; Nedra et al., 2019). In contrast, Popy
and Bappy (2020) found that PEOU was stronger than PU in predicting attitudes toward
social media restaurant reviews. We propose that:

H4. PEOU has a significant positive effect on attitude toward online advice.

The path between PEOU and intention is not one of the proposed paths of TAM. However,
King and He (2006) found that the relationship between PEOU and intention was significant
in Internet applications, highlighting its importance in determining online intentions. Ayeh
et al. (2013) confirmed this finding as PEOU had a significant direct effect on intention to use
consumer-generated media (CGM). In contrast, Yang (2017) found that PEOU of restaurant
review websites did not influence eWOM intentions. Accordingly, this relationship requires
further investigation.

H5. PEOU has a significant positive effect on intention to follow online advice.

Attitude toward using a technology was included in the original TAM; however,
Davis et al. (1989) reported that attitude was a partial mediator of beliefs on intention.
This led to its removal as they found that the three-construct model was more
parsimonious and equally powerful. Nevertheless, Rondan-Catalu~na et al. (2015)
argued that attitude becomes more powerful when using TAM to study voluntary
intentions. Moreover, Ingham et al. (2015) argued that attitude played a more vital role in
explaining consumer behavior than it did in work-related technology acceptance. Previous
studies found that attitude explained the intention to use Instagram (Nedra et al., 2019),
Airbnb (Wang and Jeong, 2018), restaurant review websites (Salehi-Esfahani and
Kang, 2019) and social media restaurant reviews (Popy and Bappy, 2020). Thus, we
hypothesize that:

H6. Attitude has a significant positive effect on intention to follow online advice.

2.3 Trust
Individuals with shared interests come together in online communities to exchange
knowledge in a regular and organized way over the Internet (Ridings et al., 2002). They are
regarded as valuable and credible repositories of information for consumers and as
influential marketing and promotion channels for firms (Li and Chang, 2016). The shared
interest encourages members to reveal information about their preferences that traditional
marketing fails to capture (de Valck et al., 2009). The importance of trust in online
communities stems from certain factors characterizing them (Ridings et al., 2002). Members
cannot communicate face to face, making it difficult to expect how others might behave.
Thus, dependence on trust is more crucial online as it canmitigate uncertainty (Li and Chang,
2016). Trust has a profound effect on the success of online communities as it is the driving
force for more participation and engagement (Hajli, 2018).

Trust is mostly measured as a set of beliefs about the trust object (Ingham et al., 2015).
Oliveira et al. (2017) found that ability, benevolence and integrity explained a substantial sum
of variance in trust. They are the most commonly used beliefs in trust research (Mayer et al.,
1995). Thus, trust here is examined as a single-dimensional construct reflecting beliefs in the
competence, benevolence and integrity of an online community.
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The hospitality literature has confirmed the positive effect of trust on relationship
commitment between hospitality SNSs and members (Li and Chang, 2016), restaurant
customers’ attitudes (Popy and Bappy, 2020), eWOM credibility and usefulness (Ismagilova
et al., 2020a), and restaurant visit and recommendation intentions (Anaya-S�anchez
et al., 2019).

Particularly, research on trust in online communities has investigated drivers of website
trust (e.g. Anaya-S�anchez et al., 2019; Filieri et al., 2015). For instance, Filieri et al. (2015)
revealed that information quality, Website quality and customer satisfaction significantly
influenced trust toward CGMwebsites. Moreover, scholars have examined the consequences
of trust as Popy and Bappy (2020) showed that trust in social media restaurant reviews
positively influenced attitude toward them. In addition, studying tourists’ trust in review
websites while traveling, Anaya-S�anchez et al. (2019) found that website trust explained the
intention to visit and to recommend a restaurant online and offline.

Focusing on the trust-attitude relationship, Casal�o et al. (2011) found that trust influenced
attitudes toward online travel community advice. Similarly, Ayeh et al. (2013) combined TAM
with trustworthiness to investigate travelers’ intention to use CGM. Results showed that
trustworthiness strongly influenced attitude. Furthermore, Agag and El-Masry (2016)
reported a significant path from trust in online travel community to attitude toward it.
Consequently, we hypothesize that:

H7. Trust has a significant positive effect on attitude toward online advice.

McKnight et al. (2002a) confirmed that trusting beliefs in e-vendors predicted consumers’
intention to follow their advice. However, there is a scarcity of research on the relationship
between trust and eWOM adoption (Ismagilova et al., 2020a). Among the few studies that
examined this relationship, Casal�o et al. (2011) revealed that trust positively influenced the
intention to follow online travel community advice. Likewise, Jalilvand et al. (2017) revealed
that trust toward restaurants positively influenced customers’WOM intentions. In contrast,
Ayeh et al. (2016) showed an insignificant relationship between trust and online reviews
adoption intentions. We propose that:

H8. Trust has a significant positive effect on intention to follow online advice.

Based on the developed hypotheses, Figure 1 demonstrates the study’s conceptual model.

3. Methodology
3.1 Sampling and data collection
Because of the absence of dedicated restaurant review websites (e.g. Yelp) in Egypt,
consumers depend mainly on reviews on SNSs. SNSs are the second most used channel for
brand research, whereas recommendations and comments on social media are the second
most used source for new brand discovery in Egypt (Hootsuite and We Are Social, 2021a).
Furthermore, Egypt has witnessed increasing rates of social media adoption. Compared with
a global rate of 54%, social media penetration in Egypt stood at 47% in 2021 (Hootsuite and
WeAre Social, 2021a). As of 2021, there are 45 million Facebook users (Hootsuite andWeAre
Social, 2021b), making it the most popular SNS in Egypt (Alexa, 2021).

SNSs can provide venues for the creation of online communities (Le, 2018). Accordingly,
this research focuses on third-party online communities on Facebook or Facebook pages for
restaurant reviews. Food enthusiasts create pages that are dedicated to sharing their
restaurant experiences. Any Facebook user can be a member/fan of these communities by
simply “liking” the page. Hospitality studies have devoted significant attention to online
reviews posted on online platforms such as TripAdvisor and Yelp to examine their influence
on consumers’ decisions (e.g. Huang and Liang, 2021; Ruiz-Mafe et al., 2020; Srivastava and
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Kalro, 2019). However, few studies have examined online reviews posted on SNSs like
Facebook, despite their importance as an eWOM source (Ladhari and Michaud, 2015).

Convenience sampling was used to collect data from three of the most popular restaurant
review pages in Egypt, namely, Egyptian Foodies, Engezni and elmenus. The reviews come
from two sources. The page creators write reviews based on their experiences. In addition,
they encourage members to send their restaurant reviews and recommendations to be
featured on the platform and shared with their 2.5 million fans to help improve dining
decisions. The reviews combine textual and visual information (photos/videos).

As the scales used to operationalize the constructs are adopted from multiple sources, we
performed a pretest to refine the scale items (Hair et al., 2010). Furthermore, we asked a few
academics to review the questionnaire.

For the pretest, data were collected from undergraduate and postgraduate university
students using self-administered questionnaires. They were chosen as 60% of Facebook
users in Egypt are aged between 18 and 34 (Statista, 2021). Thus, this age group makes up
roughly two-thirds of the Facebook users in Egypt. In addition, previous eWOM research
often used a sample of university students to collect data (e.g. Chen and Farn, 2020; Zhang
et al., 2021).

Only students who are members of the selected pages were asked to complete the
questionnaire and provide feedback on the items’ wording. A total of 47 responses were
collected, and the datawere analyzed using SPSS version 25. Cronbach’s alphawas computed
to estimate reliability. Results showed that all constructs demonstrated acceptable internal
consistency. Accordingly, all items were kept for further analysis.

The required sample size for structural equation modeling (SEM) depends on several
factors including model complexity (the number of constructs and their items) and item
communality (the square of standardized loadings) (Hair et al., 2010). They suggested a
minimum sample size of 300 for models with seven constructs or less and item communalities
below 0.45. Given that there are five constructs in ourmodel, each represented by four ormore
items, we decided to collect more than 300 questionnaires to account for any incomplete
responses.

For the main study, data were collected using a web-based survey developed using
KwikSurveys. The questionnaire was designed in English. However, as the study is

H2
H1

H6H4

H3

H7 H8

H5

Perceived
Usefulness

Trust

Perceived
Ease of Use

Attitude toward
following

online advice

Intention to
follow online 

advice

Figure 1.
Research model
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conducted in Egypt, it was translated to Arabic. Finally, it was translated back to English to
ensure there are no significant differences between the two versions in accordance with the
back-translation technique (Brislin, 1970).

An introduction was provided to explain the research purpose to participants.
Participation was voluntary where links to both versions were posted on the three pages. A
screening question was used to ensure that only the page members can answer the survey.
The questionnaire was divided into two sections. The first included statements used to
measure the research constructs. The second section contained questions about gender,
age group, reading review frequency and membership length. Within two months, we
received 540 online responses. The final sample consisted of 360 useable questionnaires,
whereas 180 incomplete responses were discarded. This translated to a response rate
of 66.67%.

3.2 Measurements
The constructs were measured using scales adapted to the context of online restaurant
communities (see Appendix). PU was measured using a six-item scale from Davis (1989) and
Casal�o et al. (2011). Seven items from Davis (1989) were used to measure PEOU. Trust (TRU)
was operationalized using a thirteen-item scale from McKnight et al. (2002b). Attitude
(ATT) was represented by four statements from Taylor and Todd (1995). Finally, a four-item
scale was adapted from McKnight et al. (2002a) and Casal�o et al. (2011) to operationalize the
intention to follow advice (INT). All itemswere rated on a five-point Likert scale ranging from
1 (strongly disagree) to 5 (strongly agree). The five-point scale format is employed tominimize
the respondents’ level of frustration, resulting in a higher response rate and quality (Babakus
and Mangold, 1992).

4. Results
The profile of the sample is as follows: females comprised 73.3% of the sample. Most
participants (54%) were in the age group of 21 to less than 31 years and 25% were 31 years
and above. In addition, 34.4% read reviews “every few days,” whereas 22.8 and 21.1% read
reviews “several times a day” and “once a day,” respectively. Further, 61.1% of respondents
had been members of their preferred community for more than a year.

The data were analyzed using SEM. A two-step approach was employed in this
study (Anderson and Gerbing, 1988). The first step used confirmatory factor analysis (CFA)
to evaluate the measurement model. The second step involved examining the
structural model.

4.1 Measurement model
To test for normality, skewness and kurtosis were computed for all items. Following Kline’s
(2011) guidelines, values in Table 1 showed no departure from normality.

A CFA was performed for each construct using AMOS 22 based on the maximum
likelihood estimation method. Following Schumacker and Lomax’s (2010) suggestion, PU,
PEOU and trust models were specified to obtain a better model fit. Based on the CFA results,
eleven items were removed (Appendix). The remaining items were retained for further
analysis.

The scales showed an acceptable fit to the data (Table 2) (Hair et al., 2010). All latent
constructs exhibited acceptable levels of reliability and validity. Cronbach’s alpha ranged
from 0.74 to 0.86, whereas composite reliabilities (CR) were between 0.74 and 0.87, higher
than the 0.70 threshold (Hair et al., 2010). Moreover, convergent validity was established as
all items’ loadings were statistically significant and above 0.50 (Hair et al., 2010). In addition,
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the average variance extracted (AVE) equaled 0.5 or higher, except for PU (0.42). However,
AVE is a more conservative measure of convergent validity than CR (Fornell and Larcker,
1981). Based on CR values alone, we can conclude that a construct’s convergent validity is
adequate.

Finally, an evidence of discriminant validity was provided as the AVE values of any two
constructs were higher than the squared correlation between them (Fornell and Larcker,
1981). Thus, each construct correlated more strongly with its own items than with any other
construct in the model. Table 3 presents the squared correlation coefficients among the
constructs and their AVEs.

4.2 Structural model
Overall model fit analysis indicated a satisfactory fit (Table 4). Once an acceptable fit is
obtained, SEM is used to determine themodel’s explanatory power, size of path estimates and
significance of hypothesized paths (Ayeh et al., 2013). The model explains intention to follow
online community advice at a high level, accounting for 74% of its variance. Moreover, it
explains 51% of the variance in attitude and 30% of the variance in perceived usefulness.
Table 4 shows results of hypothesis testing by SEM.

Findings revealed that all hypotheses are supported except for H5. Perceived usefulness
has a significant impact on attitude (β 5 0.321, p < 0.01) and on intention (β 5 0.312,
p < 0.001). Similarly, perceived ease of use significantly influences perceived usefulness
(β 5 0.547, p < 0.001) and attitude (β 5 0.192, p < 0.05). Therefore, H1, H2, H3 and H4 are
supported. Contrary to H5, the effect of perceived ease of use on intention is insignificant
(β 5� 0.058, p > 0.05), thus not supporting H5. Further, H6 is supported as the relationship
between attitude and intention is significant (β5 0.228, p< 0.01). Consistent with H7 and H8,
trust has significant effects on attitude (β 5 0.310, p < 0.001) and intention
(β 5 0.467, p < 0.001).

Construct Item Mean SD Skewness Kurtosis

PU PU1 3.96 0.74 �0.787 1.573
PU2 3.79 0.88 �0.728 0.718
PU4 3.86 0.88 �0.744 0.677
PU5 3.90 0.78 �0.614 0.797

PEOU PEOU2 4.20 0.70 �0.879 1.837
PEOU4 3.92 0.85 �0.543 0.165
PEOU5 4.10 0.80 �0.914 1.290
PEOU6 3.95 0.80 �0.504 0.228
PEOU7 4.25 0.66 �0.853 2.200

TRU TRU5 3.38 0.91 �0.154 �0.187
TRU6 3.77 0.83 �0.539 0.310
TRU7 3.53 0.82 �0.217 0.425
TRU8 3.71 0.79 �0.679 0.866
TRU10 3.81 0.85 �0.529 0.181
TRU13 3.61 0.87 �0.398 0.175

ATT ATT1 3.95 0.76 �0.847 1.706
ATT2 3.51 0.87 �0.200 0.170
ATT3 3.92 0.82 �0.782 1.112
ATT4 3.97 0.78 �0.771 1.292

INT INT1 3.67 0.85 �0.814 1.238
INT2 4.10 0.69 �0.485 0.563
INT3 3.69 0.80 �0.562 0.936
INT4 3.72 0.83 �0.422 0.278

Table 1.
Descriptive statistics
and normality tests
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PU PEOU TRU ATT INT

PU 0.42
PEOU 0.178** 0.50
TRU 0.307** 0.216** 0.53
ATT 0.241** 0.176** 0.284** 0.55
INT 0.332** 0.155** 0.444** 0.287** 0.50

Note(s): Diagonal values (in italic) are constructs’ AVEs
**Correlation is significant at the 0.01 level (2-tailed)

Construct Item
Factor
loading

Cronbach’s
alpha CR AVE Model fit

PU 0.74 0.74 0.42 χ2 5 1.037; df 5 2; χ2/df 5 0.519;
GFI 5 0.999; AGFI 5 0.993; CFI 5 1;
NFI 5 0.996; TLI 5 1; RMSEA5 0.000

PU1 0.680
PU2 0.679
PU4 0.595
PU5 0.620

PEOU 0.81 0.80 0.50 χ2 5 12.733; df 5 4; χ2/df 5 3.183;
GFI5 0.986; AGFI5 0.949; CFI5 0.985;
NFI 5 0.978; TLI 5 0.961;
RMSEA5 0.078

PEOU2 0.662
PEOU4 0.644
PEOU5 0.733
PEOU6 0.590
PEOU7 0.788

TRU 0.86 0.87 0.53 χ2 5 15.435; df 5 9; χ2/df 5 1.715;
GFI5 0.986; AGFI5 0.968; CFI5 0.993;
NFI 5 0.983; TLI 5 0.988;
RMSEA5 0.045

TRU5 0.593
TRU6 0.800
TRU7 0.742
TRU8 0.840
TRU10 0.665
TRU13 0.684

ATT 0.83 0.82 0.55 χ2 5 0.512; df 5 1; χ2/df 5 0.512;
GFI 5 0.999; AGFI 5 0.993; CFI 5 1;
NFI 5 0.999; TLI 5 1; RMSEA5 0.000

ATT1 0.623
ATT2 0.619
ATT3 0.860
ATT4 0.819

INT 0.79 0.79 0.50 χ2 5 3.464; df 5 2; χ2/df 5 1.732;
GFI5 0.995; AGFI5 0.975; CFI5 0.996;
NFI 5 0.992; TLI 5 0.989;
RMSEA5 0.045

INT1 0.742
INT2 0.612
INT3 0.776
INT4 0.665

Path Path coefficient CR Sig

H1 PU → ATT 0.321 3.275** Supported
H2 PU → INT 0.312 3.490*** Supported
H3 PEOU → PU 0.547 7.161*** Supported
H4 PEOU → ATT 0.192 2.575* Supported
H5 PEOU → INT �0.058 �0.909 Not supported
H6 ATT → INT 0.228 2.997** Supported
H7 TRU → ATT 0.310 3.453*** Supported
H8 TRU → INT 0.467 5.454*** Supported

Model fit: χ2 5 285.677; df 5 214; χ2/df 5 1.335; GFI 5 0.937; AGFI 5 0.918; CFI 5 0.979; NFI 5 0.923;
TLI 5 0.976; RMSEA 5 0.031
Note(s): ***p < 0.001, **p < 0.01, *p < 0.05

Table 3.
Squared correlation
coefficients among
constructs and
their AVEs

Table 2.
CFA results

Table 4.
Structural model
results
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5. Discussion and conclusion
This research proposed and empirically tested a conceptual framework to explain consumer
intention to follow online restaurant community advice. Based on the literature, identifying
the antecedents of following an online advice calls for a model that combines the following:
(1) characteristics of the technology facilitating the knowledge exchange (TAM) and (2)
factors related to the uncertainty in the online environment (trust). Therefore, we proposed a
trust-integrated model based on the TAM to accomplish that objective. The results revealed
several key insights.

First, as hypothesized, perceived usefulness and perceived ease of use had significant
effects on attitude toward following online advice. Although an easy-to-use online platform
leads to favorable attitudes toward its advice, consumers place more importance on useful
information. Similarly, Salehi-Esfahani and Kang (2019) found that perceived usefulness of
restaurant review websites influenced users’ attitudes more strongly than perceived ease of
use. In contrast, Popy andBappy (2020) showed that perceived ease of usewasmore critical in
forming attitudes toward using social media reviews for choosing restaurants.

Our findings revealed that perceived usefulness was a direct antecedent of intention
(Davis et al., 1989). Specifically, consumers are more likely to follow online restaurant
community advice if they think it is useful. This result supports Liu et al. (2017) and Yang
(2017), who showed that perceived usefulness determined restaurant review websites’
adoption intentions and restaurants’ eWOM intentions, respectively. Furthermore, perceived
ease of use had its strongest influence on perceived usefulness, suggesting that it is a key
determinant (Davis et al., 1989). This implies that the ease of obtaining valuable restaurant
advice from online communities drives members’ usefulness perceptions. This finding
mirrors past restaurant research (Liu et al., 2017).

Contrary to prediction, perceived ease of use showed an insignificant negative effect on
intention. This can be justified by the fact that 61% of the respondents had been members of
online communities for more than a year. Hence, they were familiar with them, and usability
did not influence their intentions. In fact, Ashraf et al. (2014) argued that perceived ease of use
influenced intention when users did not havemuch experience with a technology but failed to
do so when they became familiar with it. Similarly, Yang (2017) highlighted the insignificant
effect of perceived ease of use on restaurant eWOM intentions. Conversely, Liu et al. (2017)
supported its direct influence on consumers’ intention to adopt restaurant review websites.
Moreover, our findings confirmed that attitude predicts voluntary intentions (Rondan-
Catalu~na et al., 2015), which is consistent with prior restaurant research (Popy and Bappy,
2020; Salehi-Esfahani and Kang, 2019).

Finally, our findings indicated that trust in online community is a crucial factor that leads
to positive attitude toward following its advice, reinforcing Popy and Bappy’s (2020) results
in the context of social media restaurant reviews. Further, results revealed that trust in online
communities is a significant direct determinant of the intention to follow online restaurant
community advice.

In this study, trust influenced intention more strongly than TAM constructs and was the
second strongest determinant of attitude in the context of online restaurant communities.
Comparing our result with previous hospitality research revealed contrasting findings.
Reviewing UGC adoption in travel planning studies, Ukpabi and Karjaluoto (2018) reported
that trust was the strongest determinant of attitude, followed by perceived ease of use and
perceived usefulness. As for intention, the authors found that attitude showed the strongest
influence, followed by perceived usefulness and trust. Likewise, Casal�o et al. (2011) found that
attitude was the strongest determinant of intention to follow online advice.

The direct positive effect of trust on intention agrees with Anaya-S�anchez et al. (2019) and
Jalilvand et al. (2017), who showed that trust predicted restaurant online and offline
recommendation intentions. However, this result disagrees with Ayeh et al. (2016), who did
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not support the direct effect of trust on travelers’ intention. In conclusion, while previous
restaurant research on online reviews adoption labeled attitude (Popy and Bappy, 2020;
Salehi-Esfahani and Kang, 2019) or perceived usefulness (Liu et al., 2017) as the strongest
determinant of intentions, we extend the literature by revealing that trust is the strongest
predictor of the intention to follow online restaurant community advice.

5.1 Theoretical implications
Several contributions to theory stand out from our study. First, it answers the calls of
DiPietro (2017) and Moreno and Tejada (2019), who revealed that little is known concerning
UGC in the restaurant industry compared with hotels, despite its significant role in assisting
consumers in making decisions based on online community members’ shared experiences.
Hence, this work advances the literature by applying the TAM to the context of online
restaurant communities to identify the key precursors of the intention to follow online
advice.

Second, we contribute to the emerging body of the literature as most studies have focused
on the impact of online restaurant reviews on consumer decisions from the perspective of
review characteristics or the features of reviewers and readers (e.g. Bigne et al., 2020; Chen
and Farn, 2020; Hern�andez-Ortega, 2020; Huang and Liang, 2021; Ruiz-Mafe et al., 2020;
Zhang et al., 2021). In addition, researchers have examinedwhatmotivates customers to write
online restaurant reviews and what drive customers’ eWOM intentions (e.g. Dixit et al., 2019;
Jalilvand et al., 2017; Yang, 2017). This study, however, took a different approach and
examined what induces review readers to follow an online advice.

Third, to the best of our knowledge, this research is one of the few to integrate trust into
the TAM to explain the extent to which consumers can trust online restaurant community
advice and act upon it. The findings contribute to the literature by identifying trust as the
most significant driver of consumers’ intention to follow online advice, capturing more
variance in intention than the technology acceptance factors.

Finally, this study focused on third-party online communities on Facebook for restaurant
reviews. Researchers’ attention has been mostly drawn to examining online reviews from
dedicated online opinion platforms (e.g. TripAdvisor and Yelp) to investigate their influence
on consumers’ decisions (e.g. Huang and Liang, 2021; Ruiz-Mafe et al., 2020; Srivastava and
Kalro, 2019). However, little is known about online reviewswritten on SNSs such as Facebook
(Ladhari and Michaud, 2015).

5.2 Managerial implications
Although the focus of the study was on third-party online communities, our findings
present practical implications for both restaurant managers and online community
administrators.

A predominant finding of this study is that consumers trust online reviews on third-party
online communities, and it is the most relevant determinant of their intention to follow the
advice. Accordingly, restaurants should encourage their customers to write reviews not only
on their own online platforms but also on third-party online communities. Although
dissatisfied customers do not hesitate to write online reviews to voice their disappointment,
satisfied customers are often unwilling to share their experiences (Huang and Liang, 2021).
Therefore, restaurants do not only have to continuously deliver positive dining experiences
but should also ensure that these experiences are translated to positive reviews. This can be
achieved by offering customers rewards such as discounts or loyalty points to motivate them
to share their experiences.

Simultaneously, restaurant marketers should closely monitor consumer reviews on these
platforms. They should pay attention to consumers’ online feedback and respond to reviews
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as research reveals that 90% of global diners view online reviews as important when
choosing a restaurant, with 63% revealing they are more likely to visit restaurants that
respond to reviews (TripAdvisor, 2020). Online reviews reveal a great deal of information
about consumers’ needs and wants and allow restaurants to provide a more personalized
dining experience. Furthermore, monitoring online opinions could reveal weak areas in
customers’ dining experiences that require improvements and inform restaurants of how
they fare against competition.

Consumers have the power to influence peer decisions through eWOM as conventional
marketing methods are becoming less influential. Marketers should take advantage of
consumers’ role as co-promoters of their services and integrate this free advertising in
their marketing and communication strategies. Thus, we recommend that restaurants
should identify key opinion leaders who frequently contribute to third-party platforms.
Opinion leaders exert considerable influence on the decisions of their audience especially
when it comes to experience-based services (Ladhari and Michaud, 2015). Once identified,
they should be invited to new restaurant openings or when introducing new menus and
be encouraged to write honest reviews about their experiences. When these reviews are
shared, restaurants would gain exposure on a wide scale because of the popularity of
these third-party online communities. In addition, restaurants can display reviews posted
by opinion leaders and other satisfied guests on their own websites and social media
channels or any offline promotional activities to encourage potential customers to
visit them.

As for online community administrators, our results suggest that they should create a
trustworthy environment and foster online trust among members. For example, reviews sent
by users should be carefully evaluated to ensure the quality and honesty of information
posted on the platform. Furthermore, managers can enhance members’ trust in the online
community by showing them the feedback of satisfied users who adopted the advice in their
dining decisions. This could lead to more positive attitudes and would significantly influence
their intention to follow the advice.

Finally, taking into consideration the findings of this study, online community designers
should focus on creating a user-friendly interface to enhance usefulness perceptions. Oneway
is to make the reviews more searchable. For instance, reviews can be segmented based on
type of cuisine or restaurant location by adding hashtags to enablemembers to easily retrieve
reviews that fit their preferences. Another way is to set criteria for writing useful reviews that
members can adhere to. Particularly, they can advise members to share more detailed
information about different aspects of their experiences including food quality, menu variety,
service, atmosphere and location. Moreover, they can encourage reviewers to provide both
positive and negative aspects of their dining experience as two-sided reviews are more
helpful (Filieri et al., 2018).

5.3 Limitations and future research
This work is subject to limitations that serve as directions for future research. First, this work
investigates third-party online communities that share consumer-generated restaurant
reviews. Future research can test the validity of our model in restaurants’ own online
platforms and compare the results. Second, the study is conducted in Egypt, which limits the
generalizability of our results. Future research can use a sample of respondents with different
cultural backgrounds to examine the influence of cultural differences on drivers of the
intention to follow online advice. Finally, future research can consider the inclusion of
additional constructs to contribute to the unexplained variance. It would be interesting to
propose external factors to explain perceived usefulness and perceived ease of use or to
propose antecedents for trust in online community.

Online
community

advice

197



References

Agag, G. and El-Masry, A.A. (2016), “Understanding consumer intention to participate in online travel
community and effects on consumer intention to purchase travel online and WOM: an
integration of innovation diffusion theory and TAM with trust”, Computers in Human
Behavior, Vol. 60, pp. 97-111.

Alalwan, A.A., Rana, N.P., Dwivedi, Y.K. and Algharabat, R. (2017), “Social media in marketing: a
review and analysis of the existing literature”, Telematics and Informatics, Vol. 34 No. 7,
pp. 1177-1190.

Alexa (2021), “Top sites in Egypt”, available at: https://www.alexa.com/topsites/countries/EG
(accessed March 2021).

Anaya-S�anchez, R., Molinillo, S., Aguilar-Illescas, R. and Li�ebana-Cabanillas, F. (2019), “Improving
travellers’ trust in restaurant review sites”, Tourism Review, Vol. 74 No. 4, pp. 830-840.

Anderson, J.C. and Gerbing, D.W. (1988), “Structural equation modeling in practice: a review and
recommended two-step approach”, Psychological Bulletin, Vol. 103 No. 3, pp. 411-423.

Arora, A.S. and Sanni, S.A. (2019), “Ten years of ‘social media marketing’ research in the journal of
promotion management: research synthesis, emerging themes, and new directions”, Journal of
Promotion Management, Vol. 25 No. 4, pp. 476-499.

Ashraf, A.R., Thongpapanl, N. and Auh, S. (2014), “The application of the Technology Acceptance
Model under different cultural contexts: the case of online shopping adoption”, Journal of
International Marketing, Vol. 22 No. 3, pp. 68-93.

Ayeh, J.K., Au, N. and Law, R. (2013), “Predicting the intention to use consumer-generated media for
travel planning”, Tourism Management, Vol. 35, pp. 132-143.

Ayeh, J.K., Au, N. and Law, R. (2016), “Investigating cross-national heterogeneity in the adoption of
online hotel reviews”, International Journal of Hospitality Management, Vol. 55, pp. 142-153.

Babakus, E. and Mangold, W.G. (1992), “Adapting the SERVQUAL scale to hospital services: an
empirical investigation”, Health Services Research, Vol. 26 No. 6, pp. 767-786.

Babi�c Rosario, A., Sotgiu, F., De Valck, K. and Bijmolt, T.H.A. (2016), “The effect of electronic word of
mouth on sales: a meta-analytic review of platform, product, and metric factors”, Journal of
Marketing Research, Vol. 53 No. 3, pp. 297-318.

Bigne, E., Chatzipanagiotou, K. and Ruiz, C. (2020), “Pictorial content, sequence of conflicting online
reviews and consumer decision-making: the stimulus-organism-response model revisited”,
Journal of Business Research, Vol. 115, pp. 403-416.

Bigne, E., Ruiz, C., Cuenca, A., Perez, C. and Garcia, A. (2021), “What drives the helpfulness of online
reviews? A deep learning study of sentiment analysis, pictorial content and reviewer expertise
for mature destinations”, Journal of Destination Marketing & Management, Vol. 20, p. 100570.

Brislin, R.W. (1970), “Back-translation for cross-cultural research”, Journal of Cross-Cultural
Psychology, Vol. 1 No. 3, pp. 185-216.

Casal�o, L.V., Flavi�an, C. and Guinal�ıu, M. (2011), “Understanding the intention to follow the advice
obtained in an online travel community”, Computers in Human Behavior, Vol. 27 No. 2,
pp. 622-633.

Chen, M.J. and Farn, C.K. (2020), “Examining the influence of emotional expressions in online
consumer reviews on perceived helpfulness”, Information Processing and Management, Vol. 57
No. 6, p. 102266.

Cheung, C.M.K. and Lee, M.K.O. (2012), “What drives consumers to spread electronic word of mouth in
online consumer-opinion platforms”, Decision Support Systems, Vol. 53 No. 1, pp. 218-225.

Davis, F.D. (1989), “Perceived usefulness, perceived ease of use, and user acceptance of information
technology”, MIS Quarterly, Vol. 13 No. 3, pp. 319-340.

Davis, F.D., Bagozzi, R.P. and Warshaw, P.R. (1989), “User acceptance of computer technology: a
comparison of two theoretical models”, Management Science, Vol. 35 No. 8, pp. 982-1003.

EJMBE
32,2

198

https://www.alexa.com/topsites/countries/EG


de Valck, K., van Bruggen, G.H. and Wierenga, B. (2009), “Virtual communities: a marketing
perspective”, Decision Support Systems, Vol. 47 No. 3, pp. 185-203.

DiPietro, R. (2017), “Restaurant and foodservice research: a critical reflection behind and an optimistic
look ahead”, International Journal of Contemporary Hospitality Management, Vol. 29 No. 4,
pp. 1203-1234.

Dixit, S., Jyoti Badgaiyan, A. and Khare, A. (2019), “An integrated model for predicting consumer’s
intention to write online reviews”, Journal of Retailing and Consumer Services, Vol. 46,
pp. 112-120.

Filieri, R. (2015), “What makes online reviews helpful? A diagnosticity-adoption framework to explain
informational and normative influences in e-WOM”, Journal of Business Research, Vol. 68 No. 6,
pp. 1261-1270.

Filieri, R. (2016), “What makes an online consumer review trustworthy?”, Annals of Tourism Research,
Vol. 58, pp. 46-64.

Filieri, R., Alguezaui, S. and McLeay, F. (2015), “Why do travelers trust TripAdvisor? Antecedents of
trust towards consumer-generated media and its influence on recommendation adoption and
word of mouth”, Tourism Management, Vol. 51, pp. 174-185.

Filieri, R., McLeay, F., Tsui, B. and Lin, Z. (2018), “Consumer perceptions of information helpfulness
and determinants of purchase intention in online consumer reviews of services”, Information
and Management, Vol. 55 No. 8, pp. 956-970.

Fornell, C. and Larcker, D.F. (1981), “Evaluating structural equation models with unobservable
variables and measurement error”, Journal of Marketing Research, Vol. 18 No. 1, pp. 39-50.

Hair, J.F., Black, W.C., Babin, B.J. and Anderson, R.E. (2010), Multivariate Data Analysis, 7th ed.,
Pearson Prentice Hall, Upper Saddle River, NJ.

Hajli, N. (2018), “Ethical environment in the online communities by information credibility: a social
media perspective”, Journal of Business Ethics, Vol. 149 No. 4, pp. 799-810.

Hern�andez-Ortega, B. (2020), “When the performance comes into play: the influence of positive online
consumer reviews on individuals’ post-consumption responses”, Journal of Business Research,
Vol. 113, pp. 422-435.

Hootsuite and We Are Social (2021a), “Digital 2021: egypt”, available at: https://datareportal.com/
reports/digital-2021-egypt (accessed March 2021).

Hootsuite and We Are Social (2021b), “Digital 2021: global digital overview”, available at: https://
datareportal.com/reports/digital-2021-global-overview-report (accessed March 2021).

Huang, G. and Liang, H. (2021), “Uncovering the effects of textual features on trustworthiness of
online consumer reviews: a computational-experimental approach”, Journal of Business
Research, Vol. 126, pp. 1-11.

Ingham, J., Cadieux, J. and Berrada, A.M. (2015), “e-Shopping acceptance: a qualitative and meta-
analytic review”, Information and Management, Vol. 52 No. 1, pp. 44-60.

Ismagilova, E., Slade, E., Rana, N.P. and Dwivedi, Y.K. (2020a), “The effect of characteristics of source
credibility on consumer behaviour: a meta-analysis”, Journal of Retailing and Consumer
Services, Vol. 53 No. 2020, 1017362.

Ismagilova, E., Dwivedi, Y.K. and Slade, E. (2020b), “Perceived helpfulness of eWOM: emotions,
fairness and rationality”, Journal of Retailing and Consumer Services, Vol. 53, p. 101748.

Jalilvand, M.R., Salimipour, S., Elyasi, M. and Mohammadi, M. (2017), “Factors influencing word of
mouth behaviour in the restaurant industry”,Marketing Intelligence and Planning, Vol. 35 No. 1,
pp. 81-110.

Kannan, P.K. and Li, H. (2017), “Digital marketing: a framework, review and research agenda”,
International Journal of Research in Marketing, Vol. 34 No. 1, pp. 22-45.

King, W.R. and He, J. (2006), “A meta-analysis of the technology acceptance model”, Information and
Management, Vol. 43 No. 6, pp. 740-755.

Online
community

advice

199

https://datareportal.com/reports/digital-2021-egypt
https://datareportal.com/reports/digital-2021-egypt
https://datareportal.com/reports/digital-2021-global-overview-report
https://datareportal.com/reports/digital-2021-global-overview-report


Kline, R.B. (2011), Principles and Practice of Structural Equation Modeling, 3rd ed., The Guilford Press,
New York.

Ladhari, R. and Michaud, M. (2015), “eWOM effects on hotel booking intentions, attitudes, trust, and
website perceptions”, International Journal of Hospitality Management, Vol. 46, pp. 36-45.

Le, T.D. (2018), “Influence of WOM and content type on online engagement in consumption
communities: the information flow from discussion forums to Facebook”, Online Information
Review, Vol. 42 No. 2, pp. 161-175.

Li, C.H. and Chang, C.M. (2016), “The influence of trust and perceived playfulness on the relationship
commitment of hospitality online social network-moderating effects of gender”, International
Journal of Contemporary Hospitality Management, Vol. 28 No. 5, pp. 924-944.

Li, H., Meng, F., Jeong, M. and Zhang, Z. (2020), “To follow others or be yourself? Social influence in
online restaurant reviews”, International Journal of Contemporary Hospitality Management,
Vol. 32 No. 3, pp. 1067-1087.

Litvin, S.W., Goldsmith, R.E. and Pan, B. (2008), “Electronic word-of-mouth in hospitality and tourism
management”, Tourism Management, Vol. 29 No. 3, pp. 458-468.

Liu, Z. and Park, S. (2015), “What makes a useful online review? Implication for travel product
websites”, Tourism Management, Vol. 47, pp. 140-151.

Liu, F., Xiao, B., Lim, E.T.K. and Tan, C.W. (2017), “Investigating the impact of gender differences on
alleviating distrust via electronic word-of-mouth”, Industrial Management and Data Systems,
Vol. 117 No. 3, pp. 620-642.

Mayer, R.C., Davis, J.H. and Schoorman, F.D. (1995), “An integrative model of organizational trust”,
Academy of Management Review, Vol. 20 No. 3, pp. 709-734.

McKnight, D.H., Choudhury, V. and Kacmar, C. (2002a), “The impact of initial consumer trust on
intentions to transact with a web site: a trust building model”, Journal of Strategic Information
Systems, Vol. 11 Nos 3-4, pp. 297-323.

McKnight, D.H., Choudhury, V. and Kacmar, C. (2002b), “Developing and validating trust measures for
e-commerce: an integrative typology”, Information Systems Research, Vol. 13 No. 3, pp. 334-359.

Moreno, P. and Tejada, P. (2019), “Reviewing the progress of information and communication
technology in the restaurant industry”, Journal of Hospitality and Tourism Technology, Vol. 10
No. 4, pp. 673-688.

Nedra, B.A., Hadhri, W. and Mezrani, M. (2019), “Determinants of customers’ intentions to use hedonic
networks: the case of Instagram”, Journal of Retailing and Consumer Services, Vol. 46, pp. 21-32.

Oliveira, T., Alhinho, M., Rita, P. and Dhillon, G. (2017), “Computers in Human Behavior Modelling
and testing consumer trust dimensions in e-commerce”, Computers in Human Behavior, Vol. 71,
pp. 153-164.

Popy, N.N. and Bappy, T.A. (2020), “Attitude toward social media reviews and restaurant visit
intention: a Bangladeshi perspective”, South Asian Journal of Business Studies, Vol. ahead-of-
print No. ahead-of-print.

Ridings, C.M., Gefen, D. and Arinze, B. (2002), “Some antecedents and effects of trust in virtual
communities”, Journal of Strategic Information Systems, Vol. 11 Nos 3-4, pp. 271-295.

Rondan-Catalu~na, F.J., Arenas-Gait�an, J. and Ram�ırez-Correa, P.E. (2015), “A comparison of the
different versions of popular technology acceptance models a non-linear perspective”,
Kybernetes, Vol. 44 No. 5, pp. 788-805.

Ruiz-Mafe, C., Bign�e-Alca~niz, E. and Curr�as-P�erez, R. (2020), “The effect of emotions, eWOM quality
and online review sequence on consumer intention to follow advice obtained from digital
services”, Journal of Service Management, Vol. 31 No. 3, pp. 465-487.

Salehi-Esfahani, S. and Kang, J. (2019), “Why do you use Yelp? Analysis of factors influencing
customers’ website adoption and dining behavior”, International Journal of Hospitality
Management, Vol. 78, pp. 179-188.

EJMBE
32,2

200



Schumacker, R.E. and Lomax, R.G. (2010), A Beginner’s Guide to Structural Equation Modeling, 3rd
ed., Routledge Taylor & Francis Group, New York.

Srivastava, V. and Kalro, A.D. (2019), “Enhancing the helpfulness of online consumer reviews: the role
of latent (content) factors”, Journal of Interactive Marketing, Vol. 48, pp. 33-50.

Statista (2021), “Facebook user share in Egypt 2021, by age group”, available at: https://www.statista.
com/statistics/1028451/facebook-user-share-in-egypt-by-age/ (accessed March 2021).

Taylor, S. and Todd, P.A. (1995), “Understanding information technology usage - a test of competing
models”, Information Systems Research, Vol. 6 No. 2, pp. 144-176.

TripAdvisor (2017), “New research: 2017 tripadvisor restaurant marketing study”, available at:
https://www.tripadvisor.com/ForRestaurants/r605?utm_campaign5Chefs%252BTech%2520
Newsletter&utm_source5hs_email&utm_medium5email&_hsenc5p2ANqtz–j1SCv7KoBuK
vtlMNmAzk2nWmKd8M3MpoDxPpQVtxn-kQ_r_Lk28vjAzzu9KbEIqa_Pm-I#sthash.
myKuxWDL.IPSTxbxH.uxfs (accessed December 2019).

Tripadvisor (2020), “Tripadvisor launches ‘review hub’ to help restaurants easily manage their online
reviews across major dining sites and apps”, available at: https://tripadvisor.mediaroom.com/
2020-02-05-Tripadvisor-Launches-Review-Hub-to-Help-Restaurants-Easily-Manage-their-
Online-Reviews-across-Major-Dining-Sites-and-Apps (accessed May 2020).

Ukpabi, D.C. and Karjaluoto, H. (2018), “What drives travelers’ adoption of user-generated content? A
literature review”, Tourism Management Perspectives, Vol. 28, pp. 251-273.

Wang, C. and Jeong, M. (2018), “What makes you choose Airbnb again? An examination of users’
perceptions toward the website and their stay”, International Journal of Hospitality
Management, Vol. 74, pp. 162-170.

Wang, Y., Kim, J. and Kim, J. (2021), “The financial impact of online customer reviews in the
restaurant industry: a moderating effect of brand equity”, International Journal of Hospitality
Management, Vol. 95, p. 102895.

Yang, F.X. (2017), “Effects of restaurant satisfaction and knowledge sharing motivation on eWOM
intentions: the moderating role of technology acceptance factors”, Journal of Hospitality and
Tourism Research, Vol. 41 No. 1, pp. 93-127.

Yang, Y., Park, S. and Hu, X. (2018), “Electronic word of mouth and hotel performance: a meta-
analysis”, Tourism Management, Vol. 67, pp. 248-260.

Ye, Q., Law, R., Gu, B. and Chen, W. (2011), “The influence of user-generated content on traveler
behavior: an empirical investigation on the effects of e-word-of-mouth to hotel online bookings”,
Computers in Human Behavior, Vol. 27 No. 2, pp. 634-639.

You, Y., Vadakkepatt, G.G. and Joshi, A.M. (2015), “A meta-analysis of electronic word-of-mouth
elasticity”, Journal of Marketing, Vol. 79 No. 2, pp. 19-39.

Zhang, Z.Q., Ye, Q.A., Law, R. and Li, Y.J. (2010), “The impact of e-word-of-mouth on the online
popularity of restaurants: a comparison of consumer reviews and editor reviews”, International
Journal of Hospitality Management, Vol. 29 No. 4, pp. 694-700.

Zhang, Z., Wang, X. and Wu, R. (2021), “Is the devil in the details? Construal-level effects on perceived
usefulness of online reviews for experience services”, Electronic Commerce Research and
Applications, Vol. 46, p. 101033.

Online
community

advice

201

https://www.statista.com/statistics/1028451/facebook-user-share-in-egypt-by-age/
https://www.statista.com/statistics/1028451/facebook-user-share-in-egypt-by-age/
https://www.tripadvisor.com/ForRestaurants/r605?utm_campaign=Chefs%252BTech%2520Newsletter&utm_source=hs_email&utm_medium=email&_hsenc=p2ANqtz--j1SCv7KoBuKvtlMNmAzk2nWmKd8M3MpoDxPpQVtxn-kQ_r_Lk28vjAzzu9KbEIqa_Pm-I#sthash.myKuxWDL.IPSTxbxH.uxfs
https://www.tripadvisor.com/ForRestaurants/r605?utm_campaign=Chefs%252BTech%2520Newsletter&utm_source=hs_email&utm_medium=email&_hsenc=p2ANqtz--j1SCv7KoBuKvtlMNmAzk2nWmKd8M3MpoDxPpQVtxn-kQ_r_Lk28vjAzzu9KbEIqa_Pm-I#sthash.myKuxWDL.IPSTxbxH.uxfs
https://www.tripadvisor.com/ForRestaurants/r605?utm_campaign=Chefs%252BTech%2520Newsletter&utm_source=hs_email&utm_medium=email&_hsenc=p2ANqtz--j1SCv7KoBuKvtlMNmAzk2nWmKd8M3MpoDxPpQVtxn-kQ_r_Lk28vjAzzu9KbEIqa_Pm-I#sthash.myKuxWDL.IPSTxbxH.uxfs
https://www.tripadvisor.com/ForRestaurants/r605?utm_campaign=Chefs%252BTech%2520Newsletter&utm_source=hs_email&utm_medium=email&_hsenc=p2ANqtz--j1SCv7KoBuKvtlMNmAzk2nWmKd8M3MpoDxPpQVtxn-kQ_r_Lk28vjAzzu9KbEIqa_Pm-I#sthash.myKuxWDL.IPSTxbxH.uxfs
https://www.tripadvisor.com/ForRestaurants/r605?utm_campaign=Chefs%252BTech%2520Newsletter&utm_source=hs_email&utm_medium=email&_hsenc=p2ANqtz--j1SCv7KoBuKvtlMNmAzk2nWmKd8M3MpoDxPpQVtxn-kQ_r_Lk28vjAzzu9KbEIqa_Pm-I#sthash.myKuxWDL.IPSTxbxH.uxfs
https://www.tripadvisor.com/ForRestaurants/r605?utm_campaign=Chefs%252BTech%2520Newsletter&utm_source=hs_email&utm_medium=email&_hsenc=p2ANqtz--j1SCv7KoBuKvtlMNmAzk2nWmKd8M3MpoDxPpQVtxn-kQ_r_Lk28vjAzzu9KbEIqa_Pm-I#sthash.myKuxWDL.IPSTxbxH.uxfs
https://www.tripadvisor.com/ForRestaurants/r605?utm_campaign=Chefs%252BTech%2520Newsletter&utm_source=hs_email&utm_medium=email&_hsenc=p2ANqtz--j1SCv7KoBuKvtlMNmAzk2nWmKd8M3MpoDxPpQVtxn-kQ_r_Lk28vjAzzu9KbEIqa_Pm-I#sthash.myKuxWDL.IPSTxbxH.uxfs
https://www.tripadvisor.com/ForRestaurants/r605?utm_campaign=Chefs%252BTech%2520Newsletter&utm_source=hs_email&utm_medium=email&_hsenc=p2ANqtz--j1SCv7KoBuKvtlMNmAzk2nWmKd8M3MpoDxPpQVtxn-kQ_r_Lk28vjAzzu9KbEIqa_Pm-I#sthash.myKuxWDL.IPSTxbxH.uxfs
https://tripadvisor.mediaroom.com/2020-02-05-Tripadvisor-Launches-Review-Hub-to-Help-Restaurants-Easily-Manage-their-Online-Reviews-across-Major-Dining-Sites-and-Apps
https://tripadvisor.mediaroom.com/2020-02-05-Tripadvisor-Launches-Review-Hub-to-Help-Restaurants-Easily-Manage-their-Online-Reviews-across-Major-Dining-Sites-and-Apps
https://tripadvisor.mediaroom.com/2020-02-05-Tripadvisor-Launches-Review-Hub-to-Help-Restaurants-Easily-Manage-their-Online-Reviews-across-Major-Dining-Sites-and-Apps


Appendix

Corresponding author
Aya K. Shaker can be contacted at: aya.shaker@bus.asu.edu.eg

For instructions on how to order reprints of this article, please visit our website:
www.emeraldgrouppublishing.com/licensing/reprints.htm
Or contact us for further details: permissions@emeraldinsight.com

Construct Item Source

Perceived
usefulness

The online community Davis (1989); Casal�o et al. (2011)

PU1 Helps me choose a restaurant more efficiently
PU2 Helps me solve doubts when I plan to visit a restaurant
PU3 Enables me to obtain valuable restaurant advice more

quickly*
PU4 Improves my restaurant-related choices
PU5 Is effective in obtaining valuable restaurant advice
PU6 Is useful while choosing a restaurant in general*
Perceived ease of
use

The online restaurant community is Davis (1989)

PEOU1 Simple to use*
PEOU2 Clear
PEOU3 Understandable*
PEOU4 Flexible to interact with
PEOU5 Easy to navigate
Trust I believe that the online community McKnight et al. (2002b)
TRU1 Is honest*
TRU2 Is genuine*
TRU3 Is sincere*
TRU4 Is competent at providing valuable restaurant advice*
TRU5 Is interested in my well-being
TRU6 Is effective at providing valuable restaurant advice
TRU7 Is truthful in dealings with me
TRU8 Is capable of providing valuable restaurant advice
TRU9 Is qualified to provide valuable restaurant advice*
TRU10 s knowledgeable about food and restaurants
TRU11 Would act in my best interest*
TRU12 Would do their best to help me whenever needed*
TRU13 Would keep their commitment to provide useful reviews
Attitude Following the online community advice is a Taylor and Todd (1995)
ATT1 Good idea
ATT2 Wise idea
ATT3 Likable idea
ATT4 Pleasant idea
Intention McKnight et al. (2002a); Casal�o

et al. (2011)
INT1 I would feel comfortable behaving according to the

online community advice
INT2 I would take into account members’ suggestions
INT3 I would feel secure following members’ suggestions
INT4 I Would rely on members’ recommendations

Note(s): *Deleted

EJMBE
32,2
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